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Abstract

Brain tumors pose a significant threat to the lives of many individuals. Accu-
rate segmentation and treatment of these tumors can greatly improve patient out-
comes, however, achieving this can be challenging for medical teams. The use of deep
learning-based methods, such as convolutional neural networks and generative adver-
sarial networks, have shown promise in increasing segmentation accuracy for brain
tumors. These methods, however, require extensive computational resources and a
large amount of training data. Recently, architectures such as the "Transformer”
have demonstrated exceptional performance in various applications, including image
classification and segmentation. In this project, we will employ a transformer-based
network to segment 3D images of brain tumors using the BraTS dataset and evaluate
its performance using the Dice score. By adjusting parameters and increasing the
dataset, we will take steps to improve the model and evaluate the results through
comparison. In total, these changes improve the model’s dice score by 14% over 10

epochs.

Keywords: Brain Tumor, Semantic Segmentation, Deep Neural Network, Trans-

former, Generative Adversarial Network, BraTS Dataset
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